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Part III Section C (1)

Directions: There are 2 passages in this section.Each passage is followed by some questions or
unfinished statements.For each of them there are four choices marked A),B),C)and D).You should
decide on the best choice and mark the corresponding letter on Answer Sheet 2 with a single line

through the centre.

Passage One

Questions 46 to 50 are based on the following passage.

P1 Human memory is notoriously unreliable. Even people with the sharpest facial-recognition skills

can only remember so much.

AKRICIZNRE T B AR, RIEREEPRBIEEN&EENABREECERRIIAE.

P2 It's tough to quantify how good a person is at remembering. No one really knows how many
different faces someone can recall, for example, but various estimates tend to hover in the thousands—

based on the number of acquaintances a person might have.
RER—ARICIZOBEZEF. 1,28 ARERME— M ABICEZ DK ARNEFL ESMMEIHEE
AHEESTFRKR—ET M AREREIRALE.

P3 Machines aren't limited this way. Give the right computer a massive database of faces, and it
can process what it sees—then recognize a face it's told to find—with remarkable speed and precision.
This skill is what supports the enormous promise of facial-recognition software in the 21st century. It's

also what makes contemporary surveillance systems so scary.

M AZBXFHAIRE. SEENTTEN— M EARNEAEEE e R EERIN—AFLUR
ARGEREAEHE IR HERERSHAIESL, X—KeesEFR2 1 HIE AR HRIERRIR, XEE
SR EERFNILAHRRE.

P4 The thing is, machines still have limitations when it comes to facial recognition. And scientists

are only just beginning to understand what those constraints are. To begin to figure out how computers
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are struggling, researchers at the University of Washington created a massive database of faces—they call
it MegaFace—and tested a variety of facial-recognition algorithms(57%) as they scaled up in complexity.
The idea was to test the machines on a database that included up to 1 million different images of nearly
700,000 different people—and not just a large database featuring a relatively small number of different

faces, more consistent with what's been used in other research.

R NBEEEBRBISENAERRME. MRZERNZ NINFFREEXEREIRA. ATHRFSE
L‘I'%HLE"BB‘EEELEUX’E,i.*éﬁ’éfﬁﬁkq—ﬁ’ﬂﬁﬂﬁt)\mﬁﬂLT—/NﬁjCE’\JES‘L’&?EFﬁ—ﬂHﬂJffRZjﬂ
MegaFace—#iﬂﬂi‘ﬁ?%ﬂ@*ﬁﬂ%ﬂ%ﬁﬂ_ SRMEELRTTRIERN. XMEERE—IMEE$IA100
HikAEEG. BEIE70H5RRAYRIETERE DX ESR—MANNXE— N E2ENB A EE
FLEORELEER: e B BT S AR P ERRIER.

P5 As the databases grew, machine accuracy dipped across the board. Algorithms that were right
95% of the time when they were dealing with a 13,000-image database, for example, were accurate
about 70% of the time when confronted with 1 million images. That's still pretty good, says one of the

researchers, Ira Kemelmacher-Shlizerman. "Much better than we expected," she said.

FEE SRR RIS H 2SRRS40, 72408 130003K BHS A SR ER ERRIARI95 %I E £ 11
3T 1005 3K BHSATERRZRLAT70%,. TR ARZ—Ira Kemelmacher-Shlizermanis, iX{/35A18 4 A4
i " EERA I TRERRO BT 5 2. "

P6 Machines also had difficulty adjusting for people who look a lot alike—either doppelgangers(1<
FERAEMPAEYA), whom the machine would have trouble identifying as two separate people, or the same
person who appeared in different photos at different ages or in different lighting, whom the machine

would incorrectly view as separate people.

MESEARRAHBIEE BN AREIBE A TRBI A
MEZHNEREB—NABRERDR . L?Tﬂfﬁiﬁ"‘kﬂ”ﬂﬁ‘ﬁﬁ@mﬁT s ERIISEI AL
EHIA.

‘/\E Ed

P7 "Once we scale up, algorithms must be sensitive to tiny changes in identities and at the same

time invariant to lighting, pose, age," Kemelmacher-Shlizerman said.
Kemelmacher-Shlizermaniii:"—B ({1 AR FIELIRI SADRIRUINRALEURR BRIRIERR. &35,
FRIRIFAZZM.

P8 The trouble is, for many of the researchers who'd like to design systems to address these
challenges, massive datasets for experimentation just don't exist—at least, not in formats that are
accessible to academic researchers. Training sets like the ones Google and Facebook have are private.
There are no public databases that contain millions of faces. Mega Face's creators say it's the largest

publicly available facial-recognition dataset out there.

[BIREE X TS BERIT RIS HX LB IR A RKi, BT LA AR SR S R A T E—
:E,:&‘,Tmuq—*ﬁﬂﬁ)\ﬁﬁfuiﬁl‘ﬁ]E’\J’f%:‘ctﬁ?fo fGoogleffIFacebookiEHIYI4ERIAEH, (SEEA
HEDKELNAHEEE, MegaFacefIEIEER T, ERBRIRANAT I FHRIEIMRBIEES.

P9 "An ultimate face recognition algorithm should perform with billions of people in a dataset," the

researchers wrote.

HRARBEE:"—MEIRESRBI S AN Z BB E R S HIAREESE a7,
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46. Compared with human memory, machines can
A) identify human faces more efficiently
B) tell a friend from a mere acquaintance
C) store an unlimited number of human faces

D) perceive images invisible to the human eye
5\ REAZHE e HLE AT o
p) EESUEIRBIAK  8) KOBRRMEERA o FHELRHSEENARKR ) BRARERLNER
[BxE] A @D

[#8] =T Compared with human memory, machines can . B NMFHIMENEMFRIA
1,75 infer/imply/mainly /& EinE B TR ESTHNEMNEEA,
[#F2] Compared with human memory, machines can . ESEEEERE+ a8

BaztKy, Compared with human memory i XDEEEIFINE ZEEIEREHERY
machines, EA"5AZBIZBEL NESaTLA....." . ToBERH.

[EfZ] Machines aren't limited this way. Give the right computer a massive database of faces, and
it can process what it sees—then recognize a face it's told to find—with remarkable speed
and precision.

MEEAZIXFRE, H—aaENER—NEEAREIERE EMeetEFRERINANE—
RRLARARTEEAS IR R EHAIAR.

(L&) A) v iEw@

with remarkable speed and precision — more efficiently
Machines aren't limited this way. < identify human faces
RN EERUHIRBIAR"S identify human faces more efficiently ZTERIMEGRBIA
RE)FIEFAN (more efficiently=1R+iff) E5e2FHE ME A.

B) XH&ER
tell a friend from a mere acquaintance 1" X5 iR S5—RRAN "IKEZINEES LM
based on the number of acquaintances RS2 acquaintances {H&" ASLgEicE />
SKAG "R, MR 28EX 53 " AR vs ZRA".

C) SRR
store an unlimited number of human faces /1 unlimited (75t BR) 2 4aXHAHENT, RS
R Machines aren't limited this way——"NM&ASKBBHESZIR" HRiR" T LR, P5 &
MERAE—AK, ERZER T E ENEESHIEELE unlimited,

D) ZTH&ERE
perceive images invisible to the human eye"IRBI AIREARNIE G " B 5B —FMRILI6E
NIRESOBER RIS "R EAUE" AKREEN" ARRAT I vs ReT " X—4EE,
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47. Why did researchers create Mega Face?

A) To enlarge the volume of the facial-recognition database.

B) To increase the variety of facial-recognition software.

C) To understand computers' problems with facial recognition.

D) To reduce the complexity of facial-recognition algorithms.

BN R4 Bl Mega Face?
A) ATH KRESPRBEIEENSE.  8) ATIEMNEERRAIRAISHENE.,
C) AT THRTENAEESNRBISENEZE. o) ATHEEEPRAIEENSRME.

[E=]
(A5

€31

[(Efi]

(315 ]

C mHH)

fF Why did researchers create Mega Face? (a2 B4 T AN ERRR, ZE=/MER]
BRYRER AEE B,

Why did researchers create Mega Face? 2H8 Why —f§z&¢[a]f),£1E researchers, i
15 did create, & Mega Face, FoFabH.

To begin to figure out how computers are struggling, researchers at the University of
Washington created a massive database of faces—they call it MegaFace—and tested a variety
of facial-recognition algorithms(&3%) as they scaled up in complexity.
AT Rt B AR RPLL 75 EFENIRFL, B A F AR E IS 7 — NEBEAREIERE
—HBAIFRZ /9 MegaFace—FHli T SMIEHRBI RIS 2 ERIAIRIN.
A) fEHEERS
To enlarge the volume of the facial-recognition database."{y AHUEERE" 2R
ZHAREHIN"FR" A2 BRI, JRX created a massive database of faces #iARIFS
BIX—FR MEENENEREARAELE.
B) fgHEE
To increase the variety of facial-recognition software. 18" ik ZFhELL "Aieny " 1
INEREFPE", R tested a variety of facial-recognition algorithms 2"zl " fiiE" &
hn", BMERISRZ algorithms(EE) AR software(@E{4).
C) v IEf®
figure out how computers are struggling <
To understand computers' problems with facial recognition.
tested a variety of facial-recognition algorithms < with facial recognition
TR BB RE BRG] A0SR [LFSEIERIRE To understand computers'
problems with facial recognition., $tizg C.
D) SEXHRKR
To reduce the complexity of facial-recognition algorithms."BMEEIZEZRE"S5/EX
18z tested a variety of facial-recognition algorithms(&;%) as they scaled up in
complexity iR "EXEFEZFL L ARE S HEERE LFHUHEN]" 2" b

RERE".
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48. What does the passage say about machine accuracy?
A) It falls short of researchers' expectations.
B) It improves with added computing power.
C) It varies greatly with different algorithms.

D) It decreases as the database size increases.

NERTHLASERER T H 42
A) EEAEIMRARIEAE. &) EEETEEDNBINMRES. o BEFEEEZBEERREK.
D) EREEEERAMRRIIEINM T,

[8%] D @sEm

[HIB] &+ What does the passage say about machine accuracy? F What does the
passage say B[R " 7 HA" R EIA-,

[1FE] What does the passage say about machine accuracy? 2&&a){{ia What {EEIEEaIAY
45FRRRIE)E), FEF"the passage say about machine accuracy",|8)" XEXTH28 MR T
A", Fobebt.

[EfZ] As the databases grew, machine accuracy dipped across the board. Algorithms that were right
95% of the time when they were dealing with a 13,000-image database, for example, were

accurate about 70% of the time when confronted with 1 million images.

BEELUEREART AV sSEmZRemE NE. FIa0, =408 13000 sKEIRIEHE ERERZR
95% RYELE EEXT 100 FKERTRBLY 70% RUEHER,
[ELE] A) SExER

It falls short of researchers’ expectations." RIAFAREFHE" SRR ——Much
better than we expected BRI " LEEA TFRHARVIFIS " MAE" FRIATHR"

B) XH&EH
It improves with added computing power."BEitEBEIEINTIHE " TR 28—
JRSZRBK " $HREE AR vs iEHER" MARiF R computing power(B)iX—% &,

C) LUt
It varies greatly with different algorithms." FREIEiA2Z BES K" LIRS R
Algorithms that were right 95% of the time...were accurate about 70% H#&iARY
=" BE—E)EEZERREMRE N NER AR TREEZE " HER.

D) v IEff
As the databases grew < as the database size increases
machine accuracy dipped across the board « It decreases
FFIRY " Bl EEFRRHIPR" 5 It decreases as the database size increases. T2 %{H,
iz D,
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49. What is said to be a shortcoming of facial-recognition machines?

A) They cannot easily tell apart people with near-identical appearances.

B) They have difficulty identifying changes in facial expressions.

C) They are not sensitive to minute changes in people's mood.

D) They have problems distinguishing people of the same age.

T 8 IR AL 8% R s A A2
p) ENLERZXDINUEFHEENA.  B) EIELURBIEERRBIIZE .
O) BT ANBERMEAEEUAER. o) BMNERDEERASEFEIHR.

[E=]
(A5

€31

[(Efi]

A )

AT What is said to be a shortcoming of facial-recognition machines? [A#BHiRAIR

PREIR, B BB FXI MRS, T FR RG]

What is said to be a shortcoming of facial-recognition machines? & What {EEiE#h
BiERIENEERIA), T What is said to be a shortcoming, FEER "+ AFIRKE. ... A
—MEHR". be said to do REIEHN,FT"ER".

Machines also had difficulty adjusting for people who look a lot alike—either
doppelgangers(1<AERARIABY A ), whom the machine would have trouble identifying as two
separate people, or the same person who appeared in different photos at different ages or in

different lighting, whom the machine would incorrectly view as separate people.

MEEIERBIFERERNARN EERE—F AR KERERIA V=2 RE TR R3]
AN FRENNBARB— N AERRFER AR S MEERIR A Hlss S taiRbit i)
MERRERIA.
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[i15]

>

) Vv IEW®
people who look a lot alike — people with near-identical appearances
have trouble identifying as two separate people — cannot easily tell apart
FRAIBY " Hesn B KIBEIEAARA"S They cannot easily tell apart people with
near-identical appearances. E=EiE. #ifF. NR=FEZF—XILLBxE A,
B) fHEHEE
They have difficulty identifying changes in facial expressions." LR BIE R BRI
T LS RS P6 IRAVR ARG /St THIRR R " A2 "facial expressions(3k
18" /e 2 " RE .
C) &R
They are not sensitive to minute changes in people's mood." ¥ A B4 HIARES Y,
AU TR STHE; [RX algorithms must be sensitive to tiny changes in identities
KR SHHNARHMER" A2 mood(I54),
D) faHRRE
They have problems distinguishing people of the same age."¥LAK S EREA "tk
JR3Z different ages(RREIFER)HEE RN E " E— AEARFER/ S5 FMEEAARE
N A" FEAER—FLT",

50. What is the difficulty confronting researchers of facial-recognition machines?
A) No computer is yet able to handle huge datasets of human faces.
B) There do not exist public databases with sufficient face samples.
C) There are no appropriate algorithms to process the face samples.

D) They have trouble converting face datasets into the right format.

] B0 VR 5 AL 28 BT 7T N B2 T s ) R o R A2
r) BRIEREITENEBLREENARIIES. - MFEREEBAREANAHLEIERE,
O) REGENEFRGEARESR, ) RS ARSIEEERIEHEUS S EENE.
[8%] B @&m
[#I8] T What is the difficulty confronting researchers of facial-recognition machines?

[BRIEARE HIGRIEREME SR HIEL: BEWEIA,

[IFFD] What is the difficulty confronting researchers of facial-recognition machines?
What is the difficulty,confronting researchers... EMAEDRRIEE difficulty BIEEE
B85 L difficulty 2 confront (9FiE—"(FAREEIGFERINEHERHA".

[EfZ] The trouble is, for many of the researchers who'd like to design systems to address these

|

challenges, massive datasets for experimentation just don't exist—at least, not in formats that

are accessible to academic researchers.
FRE T STF 2 BRI R SR M A IX Lk AV R E SRk, - T SL iR A AHRE RS R AR
FFHE—E VA FEFARRE SEBIREAIEIC.
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[ELR] A) m@isEs
No computer is yet able to handle huge datasets of human faces." /&R G XgELL
HBERIHIESE Al R Give the right computer a massive database of faces,

and it can process what it sees RN 88" WIE AR ENEER ISEHUEE" &~
= EREAR".

B) v IEHf
massive datasets for experimentation just don't exist <

There do not exist public databases with sufficient face samples.

There are no public databases that contain millions of faces. «

public databases with sufficient face samples
FRAIN " EZARAREEAZAIELFF AREUESER"S There do not exist public
databases with sufficient face samples. 7" RFE + ANFF + B2 + HUEE"TULL B
XINLBTE B,

C) &R
There are no appropriate algorithms to process the face samples."; RE&ENE

R TR I8, X tested a variety of facial-recognition algorithms IRE%"R%Z
M, BN R RTE AR SUETRK TIE BIERK .

D) (RMIRHLE
They have trouble converting face datasets into the right format."#LUBEESEL
AL IERHE T " BIHatiE, 2 [ not in formats that are accessible to academic

researchers AR WEHIEEFARHREEZZIRIEI" FFRRFE BRI
(" (convert) B " s FREEN 2EURFIEE TR E.

SENTENCE INSIGHTS -« ) F ¥t

1 ) H AR AR
THIEEa SR TR — e, SRR BHSHS. S
BSTUIATA, ST NSRRI,
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Machines also had difficulty adjusting for people who look a lot alike—either

doppelgangers(FABRAB{IABI A ), whom the machine would have trouble

identifying as two separate people, or the same person who appeared in different

photos at different ages or in different lighting, whom the machine would

incorrectly view as separate people.

F6EL, F1A]

rEEFEIIUE, BREZITEE.
GAE. CERAETUMRERENE, XNBETED

HIGH-FREQUENCY

FHIRFTEW. BSEXML, EESIFASHESISES)

TSSIMER.

A IR 85 AN BEIE A HELE BRI

THRFEREARERPHI, N2 WiE/ K HEETRISME (EzEdERP
HNEFHIRDTF 8) . BNMAREAR LIRS ZEXERDN, [RETEEXA

Y. EiF. AESEEGIE.

database s
n. ZWERE

AEE10% - E 13 4

algorithm o
n. &%

KR7IR -BE17 9

million =«

num.—8 A
AES3 % -EHHE 126 4

image &

n fio&, EDER
AiE3 R - B 57 9

researcher &

n. fARAR
A8 IR - Ef 363 &

dataset
n. ZWESE

AR5 IR -BE 106

identi@ Bl
v. 175!
ARE3 IR -ER 759

massive 52
adj. BEXRY, A28

FRE3IR-EE3 G
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recognition s

n. IART
K3 IR -E 3149

would

aux. (will (IEER) BE, =

A2 IR - HRE 568

Process i

n. I9F%
K2R -Ef 126 9

variety s

n. S

A2 IR - BRE 66 6

software s
n. 4 HENER)

A2 IR B 24 6

confront &

v. XY, Ein (EYE. ERE)
A2 R -Hi 18 6

accuracy B2

n. AR (1)

A2 R B 111

complexity s
n. SZkiE

AR B9 g

facial &

adj. EIEBAY
AR3XR-BEH154

system a2

n. K%
K2R -ER 176 9

exist 1

v. bR BB
A2 R -ER77 9

scale i

n. HE
A2 R -Ef 324

sample 5

n. Ham

A2 R - B 209

sensitive &
adj. BURAY

K2R -HiE 18 6

lighting &

n. RBER
K2R -ERE10 4

better

adj. BIFAY (good HILLERER)
AR IR - BRE 205
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https://english-exam.lazynote.cn/cet6/words/lighting/?f=p
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tend &

v.imF, FER
ARR1IR - BB 170 &

view a2

n. W=, B
AR1IR B 134 6

ARE1IR - HiE 126 5

design s
n. it
ARE1R-BER1199

support
v. 375

ARE1IR-BE 1039

billion =i
num. 142 (1,000,000,000)
B R - B 741

available

perform &

v. JifT
AR -EH61 4
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reduce s:

v.ED, BEE (R, K. BEES)

KRR -HE 138 69

ower a2

n. I;XH
KE1IR-E 1289

challenge &

n. Pk
AE1R-EF 1194

academic &2

adj. ZAHY
AR IR - B/ 104

least &2

det. &/DHY
A1k - B 98 5

easily 1
adv. B3k
A1 R - Bl 65 6

various si

adj. BFPEHEAY

FRE1R- B 636G

figure 1
n. 2=
AEE1IR - HiL 58 4


https://english-exam.lazynote.cn/cet6/words/tend/?f=p
https://english-exam.lazynote.cn/cet6/words/reduce/?f=p
https://english-exam.lazynote.cn/cet6/words/view/?f=p
https://english-exam.lazynote.cn/cet6/words/power/?f=p
https://english-exam.lazynote.cn/cet6/words/base/?f=p
https://english-exam.lazynote.cn/cet6/words/challenge/?f=p
https://english-exam.lazynote.cn/cet6/words/design/?f=p
https://english-exam.lazynote.cn/cet6/words/academic/?f=p
https://english-exam.lazynote.cn/cet6/words/support/?f=p
https://english-exam.lazynote.cn/cet6/words/least/?f=p
https://english-exam.lazynote.cn/cet6/words/billion/?f=p
https://english-exam.lazynote.cn/cet6/words/easily/?f=p
https://english-exam.lazynote.cn/cet6/words/available/?f=p
https://english-exam.lazynote.cn/cet6/words/various/?f=p
https://english-exam.lazynote.cn/cet6/words/perform/?f=p
https://english-exam.lazynote.cn/cet6/words/figure/?f=p

feature s

n. $iE
K1 IR -BE 559

contain i

v.88, 88
AR1R-BRES52 6

identity 2
n. Sp

KRR B398

estimate &2

v. {5t

ARE1IR -HiE 36 6

handle

v. R
AE1IR-HE# 329

appropriate

adj. BiEHY
AR - B 306

vary s

decrease s
VR, BEE

KRR -EfE 286
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B2

struggle
v. B3

AR1R- B 546

recognize s

v. AH
KE1IR-BEf 42 9

relatively s:

adv. 1E3TitE
AE1R-Ef3769

expectation s

n. HR{E TR
AR -BEH 324

perceive s

v. I2f%, e (RSAMERENX)

KRR B 326

sufficient &

adj. EIEHY
AR B304

limited &
adj. BIRAY

FRE1R- B 296


https://english-exam.lazynote.cn/cet6/words/feature/?f=p
https://english-exam.lazynote.cn/cet6/words/struggle/?f=p
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expression s

n. X
A1 R -Ef 27 69

mood 2

n. IS
A1 R -Ef 27 69

tough &
adj. FEIRERY

KRR B 24 6

apart s

adv. oFFiB
A1 R -Ef 22 6

accurate s

adj. MERBAY

KRR B 2169

volume i

=y
AR EE 214

i

mere Bs2

adj. {X{XAY
FR1R -BEH 194G

recall s

v. [AlIZiEE, icike
A1 R -Ef 1849
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greatly =

adv. IEFE
KRR -BRE27 6

accessible &2

adj. ATEIIXAY
AR1TR-BEH 254

distinguish s

v. X9
A1 R -Ef 23 4

pose &2

v. BES (HHOREERE)

KRR Bl 22 6

consistent &

adj. —H1Y
1R -EiE 214

adjust &

v. AL
A1 R -BEf 20 9

ultimate &

adj. FREEHY
FR1R-BEH199

€normous Bsi

adj. BEXRY
ArE1R - B 17 9
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alike appearance s

adj. t8{AY n. 4MR

AE1R-Ef 159 AE1R-EfE 159
convert & invisible &

v. 5838 adj. A
AE1R-Ef 159 AE1R-Ef 1469
limitation &2 remarkable &2
n. B ad). JERLEY
AE1R-Ef 146 AE1R-EF 1469
constraint s contemporary s:
n. PR adj. 249

A1 R -Ef 139 AE1R-Ef 139
efficiently s: scary a2

adv. =3ute adj. S AZEE

A1 R-ER 136 AElR-BEFE 1149
sharp dip =

adj. #FRHY, KB V.=, BE

A1 R-BER 1149 Al R-BEfoH

creator s

n. iEE
K1 )X - B 8 4
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